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COMPARISON OF MS PARTITIONS TO OTHER METHODS:
The flow-based MS partitions are distinct from partitions obtained by several other methods. In particular, we
have compared against partitions obtained with Modularity, Stochastic Block models, and Infomap.
Modularity has been used to obtain optimised partitions in Refs. [1, 2]. The partition found in Ref. [1] is closest
to our 4-way Partition B (VI = 0.185), whereas the partition found in Ref. [2] is closest to our 3-way Partition C
(VI = 0.186). Note that optimisation of modularity at a fixed resolution imposes an intrinsic scale, so that partitions
found with modularity are well matched to a particular scale (i.e., a particular Markov time) in the Markov Stability
framework, as shown previously [3, 4]. On the other hand, as discussed in the main text, the Markov Stability
framework carries out a systematic scanning across Markov times [5] allowing the intrinsic multiscale organisation to
became apparent.
The partitions based on stochastic block models [6] and hierarchical Infomap [7] are less similar to the ones found
by MS: the partition found by stochastic block models in [6] is closest to our 3-way Partition C (but with a higher
VI=0.272), and the partition found by hierarchical Infomap in [7] is closest to our 6-way Partition A (yet with an even
higher VI=0.282). These differences in the outcomes are expected due to the contrasting methodological approaches.
In particular, Infomap is known to impose a clique-like structure to the modules leading to groupings where strong
local density is favoured [8]. We remark that, as shown in S2 Text, the MS communities are also different from the
flow roles found through RBS.
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